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Algorithm 1 Deep Q-Network [29]
1: Initialize replay memory B

2: Initialize parameters ¢ randomly
3. Initialize target parameters § «+ ¢
4; for episode = 1, E/ do

5 for t = 1, N;T do

6: Observe state s,
7 Select action a; = arg max Q(s:, a; ) + w,
8: Observe reward 7, anﬁkﬁext state S;41
9: Store transition (s;, @z, ¢, 5¢41) in B
10: Sample mini-batch of (s, ag, rg, spy1) from B
L JE+1=NT
11: g +— .
e # ymax Q(spp.a"0) k+1#NT
12: Perform a stochastic gradient descent step on (g — Q( sk, ax: n‘a'))2 with respect to ¢
13: Reset target parameters § < @
14: end for
15: end for

Y _ime Mk € (1,2, Kye ST K QAL Fa0) HE A
A HE2 ME Py = [Pacy Paca o Pack]” = HEFAEE 2 -d F=4
q;, WA dEl M AE A G5 Py s 7INCE kA B3t juA
Ao o] thE i 22 A FY X e RO & A o] g

Xk,j = 91(0)(1 — PAc,k) + 92(0)61]- +my ; (14)
3714 6,6{” € Rz 2JAF A7 Al A% AHAY 1-p,ye, SHE
A q;, WA ZE ME] 7SR E 7] AE - 7hs st v iAol o

9. 2 = 2709 1D-convolution (Conv) A5 3 371 €] fully connected
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5

. 1 A|¢t¥ DNN 7124

Convl Conv2 FC1 FC2 FC3
Ay A7) K X LN, CixKXL | C,L N, N,
Iy A7] 1xXN, Kx1 - - -
3 oo
C = 1,N K 1 — — -
stride p
%]ﬂ '/15 C1 Cz - - -
44 s Leaky ReLU
=9 A7) G uXK BAL C, XL F, F, KLN,
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