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Table 1 Parameters and estimates

e . S
l T y—y y—y
Parameter a as b by mean standard
I D value deviator |
True | 45 0.7 10 | 05
[»value_* I |
RTLS 14463 | -0.6543 | 1.1077 | 0.6131 | -0.0616 0.3731
estlrrjte L
RALS 14967 | 0.6983 | 1.0090 | 05098 | -0.0023 0.0367
estimate N
1 T 1 1]
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Fig. 5. 7 Parameter estimation by RALS method

Table 2 Parameters and estimates

y—y | y—=3¥
Parameter a, as b by mean | standard
| value |deviation
True | _ng751 0223 | 0079 | 0.047
value 7
-5.7890e | &.259e
RF.FLS -0.9786| 0.2265 | 0.0790 | 0.0471
_ estimate -005 -004
-3.6468e | 8.2091
RALS 4 9796] 0.2275 1 0.0790 | 0.0470 © ©
| estimate —005 -004
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Table 3 Parameters and estimates

—
‘ Parameter a,
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ITrue value| -12

~1.1857 | 0.6830 | 0.1112 '
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r— 4
y—y y—y \

standard deviator
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Table 4 Parameters and estimates

———

iParameter
N
\ True

value

| RTLS
_estimate

RALS
!jﬁﬁmﬂﬁ

deviation

1.2127e-004

1.9794e-004
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Fig. 5. 19 Parameter estimation by RALS method
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Table 5 Parameters and estirmnates

Troe

value

RTLS

Y
y y—Uu

mean | standard

~ value | deviation |

6.7300
0.0087
-005
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A Study on the ALS Method of System

Identification

Jee—Youl Lee

Dept. of Electical Engineering,
Graduate School
Pukyong National University

Abstract

A system identification 1s to measure the output in the
presence of adequate Input for the controlled system and to
estimate the mathematical model on the basic of input-output data.

In the traditional system control field, most identification
problems have been thought as estimating the unknown modeling
parameters on the assumption that the model structures are fixed.

In the system identification, it is possible to estimate the true
parameter values by the adjusted least squares method in the
input-output case of no observed noise, and it is possible to
estimate the true parameter values by the total least squares
method in the input-output case with the observed noise. Recently
the adjusted least sqguares method is suggested as a consistent
estimation method in the system identification in the case where
there is observed noise only in the output.

In this paper the adjusted least squares method has been
developed from the least squares method and the efficiency of the
estimating results was confirmed by the generating data with the

computer simulations.
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