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A bstract

A's a society has progressed rapidly toward a highly advanced digital
information age, a multimedia communication service for acquirement,
transmission and storage of image and voice data have become com-
mercialization externally and internally. In the process of digitalization
or transmission of data, however, impulse and gaussian noise are
generated by several causes, and researches for eliminating those noises

have continued until now.

There are various methods for deleting noise now. The FFT (fast
fourier transform)-based method out of them is incapable of giving time
information about when a specific frequency element in signal comes
about, and STFT (short time fourier transform) perceived by Gabor is
capable of expressing time and features of frequency at the same time,
however, the localization capabilities between time and frequency have a
conflictive relationship. This means that when time(or frequency)
resolution increases, frequency (or time) resolution decreases.

Therefore, wavelet transformation capable of multiresolution inter-

pretation is applied to many fields of technology for overcoming these



limits for recent several years. Wavelet transformation disintegrates
input signals into subsignals for expressing them in different resolutions
and detail signals for expressing the remaining signals. As the result,
the signals obtained from this progress include information about input
signals at the same time and scale.

In AWGN (additive white gaussian noise) environment, the existing
denoising methods using wavelet transform include SSNF (specially
selective noise filtration) using a spatial correlation recognizing edge by
a high correlation at an adjacent scale and OWT (orthogonal wavelet
transform) applying soft-threshold. In correspondence to that, this thesis
used NSSNF(new SSNF) applying a new parameter coefficient and
UDWT (undecimated discrete wavelet transform) applying hard-threshold
and compared and analyzed with the existing methods.

And the existing methods for removing impulse noise include the
median filter, moving average, and so forth. But these methods have
not detected these noises or have brought about distortion of the basic
signal when impulse noises have a duration time or generate in the
adjacent location. So, this thesis used the method of removing impulse
noise using the B-wavelet.

For objective judgement, the test signals are used the Blocks, Bumps,
HeaviSine and DTMF(dual tone multi frequency) and the SNR(signal-
to-noise ratio) is used as a judgement criterion of an improvemental
effect. This thesis simulated by the test signals which have added to
SNR of 8[dB] equaly in AWGN and a different size and sign
individually in impulse noise.
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Table 1. SNR_G for SNR 8[ ].

unit : [dB]
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Bt i : i
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SSNF 71742 6.2738 £.8530 6.3808
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SNR
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