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Abstract

In this paper, the recognition of vowels using the diffusion filter bank and a neura network
is presented. Each vowels are reclassified data that have a same spectrum characteristic which
are obtained by the diffusion filter bank pre- processor.

Conventional BP algorithm of the neural network have the disadvantage that will not
complete because of loca minima, and takes long time for training. So, the second neural
network is presented. It takes the initial condition from the first neura network. It has
completed the training, and is faster than the first neural network as a result of that. Used
vowels in this paper are / }/,/4/, [/, [T/, /—/,11/,/4/, and / }}/. Because / 4]/ and / H/
are have a similar characteristic, vowel / 4]/ is used as representative of them. Recognition rate
of reclassified vowels by spectrum of diffusion filter bank is compared with those of not
reclassified data. The results of experimentation are that the recognition rate of / }/, /4/, 1/,
/41,111, and /—/ are increased by 15%, 15%, 21%, 17%, 36%, and 18%, respectively, but that
of /T/ is decreased by 18%. Total recognition rate is increased by 16.85%. The case of
reclassification of vowels by spectrum of the diffusion filter bank have more teaching pattern
and training time than the case of no reclassification. The result of that, the recognition rate is

increased.
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